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Abstract: Full reference image quality assessment (FR-IQA) is one of the types widely studied in the field of IQA.
This paper reviews the development of FR-IQA, summarizes the application status of FR-IQA and the construction of gener-
al FR-IQA problems, and summarizes and combs FR-IQA algorithms. And on this basis, it focuses on the problems existing
in the existing research, including the rationality of the problem construction, the comprehensive problem of modeling, and
the problem of the combination of knowledge-driven and data-driven. Finally, based on the in-depth analysis of the subjec-
tive evaluation process and the existing problems in the existing research, the two possible research directions of subjective
scoring using fuzzy modeling and knowledge-data-driven construction algorithm are discussed, in order to provide refer-

ence for subsequent researchers.
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